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Visual Recognition & Resources:

= . _ _ _ _ Start for free in IBM
ﬂ Visual Recognition uses deep learning algorithms to analyze images that can give you

insights into your visual content. You can organize image libraries, understand an
individual image, recognize food, detect faces, and create custom classifiers for
specific results that are tailored to your needs.

Cloud

Try

Try the service

Choose a sample image or upload your own image to try out Visual Recognition.

it

Or paste an image URL
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Visual Recognition & Resources:

e - _ _ _ _ Start for free in IBM
ﬂ Visual Recognition uses deep learning algorithms to analyze images that can give you Cloud
h insights into your visual content. You can organize image libraries, understand an
individual image, recognize food, detect faces, and create custom classifiers for
specific results that are tailored to your needs.
Try Train
Train a demo classifier
To create a temporary trial classifier, select at least 3 classes from the example image bundles.
Example Image Bundles
Dog Breeds Moleskine Types Insurance Claims Satellite Imagery Use Your Own

Images used in this demo are licensed under Creative Commons 2.0 General License and are attributed here.
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Positive Classes Optional Negative Classes

Upload your own images in zipped folders to the spaces below.
Zipfile size must not exceed 5 MB.
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1\ Selffi or drag a zipped 1 1 Selgefor drag a zipped 11 Sel mrag_a-ziﬁbd H i Select or drag a zipped i
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Use images that may seem like

MName of This Class Mame of This Class Mame of This Class )
the bundles but are different.
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Train your classifier L) Reset
——
This is a demo. For full functionality, try out the AP

Images used in this demo are licensed under Creative Commons 2.0 General License and are attributed here.
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MyClassifierd ¢ Reset

Test your newly trained demo classifier with a similar image that was not in the training set.

Paste an image URL
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